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Dorigin

D consequence

over-amplification
The model discriminates on
a given human attribute
beyond its source base-rate.

label bias
Biased annotations.
interaction, or latent bias
from past classifications.

outcome disparity
The distribution of outcomes, given attribute A,
is dissimilar than tl-:e ideal distribution:
QUEJA) # P )

Embedding - ~
Corpus Source Population Target Population
features features outcomes features |~ biased
p) X fit ¥ ¥ | predict > outcomes
embedding sasrce souvee target 1 d r
\ (Pre-trajhed Side) [(Medel Sr'.:i_;_-j\ ication Side) sl J
semantic bias selection bias error disparity
Non-ideal associations between attributed The sample of observations “T'he distribution of error (£) over at least two
lexeme (e.g. gendered pronouns) and themselves are not representative different values of an attribute {A) are unegual:
non-attributed lexeme (e.g_ ocenpation). of the application population. Qel4) A Qlel4 J)
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9lt}. Sachdeva cf al. 022 o Wl dlol2el o) Aol W w AEA LAWY Fo2 A
Aolare] AAAel dFE w1 5 Qe BaNke  dlol o] WA 4 otk
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